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1}. 2015 IEEE 4™ International Congress on Big Data ¥4
D 71zt 6€ 27T€(E) - 7€ 2d(F)
2) A : w= F& (Millennium Broadway Hotel, 1% & 3™ Floor)

3 AFL7
0 6€ 26€(=) == TH=(AA

) = HT1(FE), &4 114 208 =3

0 6¥ 27¥(¥): Big Data Congress 5= % Short paper track 1-6 4]

Az EBER

BEFA

A Real-Time Decision Support Tool for Disaster Response: A
Mathematical Programming Approach

[] Short paper

Scalable Query Optimization for Efficient Data Processing using
MapReduce

9:00-10:00
® Sessionl

Developing a Real-Time Data Analytics Framework using
Hadoop

Content Based Image Retrieval on Hadoop Framework

Phishing URL detection using URL Ranking

High-Order Tensor Decomposition for Large-Scale Data
Analysis

Optimal Feature Extraction and Classification of Tensors via
Matrix Product State Decomposition

[J Short paper

A Workflow Model for Adaptive Analytics on Big Data

10:15-11:15
® Session2

Behavioral Modeling for Churn Prediction: Early Indicators and
Accurate Predictors of Custom Defection and Loyalty

Analytics of industrial operational data inspired by natural
language processing

Online Nonlinear Classification for High-Dimensional Data

Cloud Tree: A Library to Extend Cloud Services for Trees

Matrix-based XML Stream Processing using a GPU

(] Short paper
11:20-12:20

A Flexible Data-driven Approach for Execution Trace Filtering

® Session3

Road traffic analytic query processing based on a timeline
modeling

Approximate querying in big heterogeneous data

Queriosity: Automated Data Exploration

Write Optimization using Asynchronous Update on Out-of-Core
Column-Store Databases in Map-Reduce

[ Short paper
13:30-14:30
® Session4

Social network analysis of developers and users mailing lists of
some free open source software

A Data Capturing Platform in the Cloud for Behavioral
Analysis Among Smokers: An Application Platform for Public
Health Research

How has Twitter changed the Event Discussion Scenario?:A
Spatio-Temporal Diffusion Analysis

[ Short paper

Discovering Environmental Impacts on Public Health using
Heterogeneous Big Sensory Data

14:40-15:40
® Session5

Detecting Corporate Social Media Crises on Facebook using
Social Set Analysis

Data Quality and Energy Management Tradeoffs in Sensor
Service Clouds




0 6€ 28¥U(¥): Keynote & Plenary Panel 34

A3t EEER ]
. . A Holistic View of Software Evolution toward Software as a
9:40-11:30 | [ Keynotel Service(Carlo Ghezzi, Politecnico di Milano, Italy)
13:40-14:40 | [ Plenary Panel Ehe Arc of Research Activity in Key Areas of Services
omputing
16:15-17:25 | [ Plenary Pane2 | Big Data and IoT

0 6€ 29¥(¥): Keynote, Plenary Panel ¥ Big Data Congress Visionary Track %4

R EEEE LA
10:50-12:00 | [] Keynote2 Big Data as a Service at NASA
14:10-15:20 | [] Plenary Pane3 | Service Economics on Cloud Computing
Research Directions for Big Data Graph Analytics
[] Visionary
15:30-16:30 MCD: Mutual Clustering across Multiple Social Networks
® Session 1
Big SaaS: The Next Step Beyond Big Data

0 6¢ 30¥(s}h): Big Data Congress Applications, Research Track % Plenary Panel 34

A EEEE T A
Big Data Analytics Framework for System Health Monitoring
8:15-9:15 [J Applications Predictive Modeling for Comfortable Death Outcome using
: : . Electronic Health Records
® Session 1
H-DRIVE: A Big Health Data Analytics Platform for
Evidence-Based Decision Making
o Design and Realization of Cognized Routing Resource by Big
L] Applications Data Analysing in SDN
9:25-10:25 —
e Session 2 Toa: A Web Based Network Flow Data Monitoring System at
Scale
. . [J Research A Clustered Approach for Fast Computation of Betweenness
13:00-14:00 S I
. Centrality in Social Networks
® Session 3
Can we Rank Emotions? A Brand Love Ranking System for
Emotional Terms
[] Research
15:30-16:30 ) Deriving Topics in Twitter by Exploiting Tweet Interactions
® Session 4 Matrix inter-joint Factorization - A New Approach for Topic
Derivation in Twitter
16:50-18:00 | [] Plenary Pancd Convergence of Cloud Computing and Big Data: Making Big
Social and Human Impact

o 7€ 1¥(4): Big Data Congress Research, Applications, Special Track(BDRH) %

Plenary Panel %4

A ZE 30| & 4 3 A
Privacy Preserving Data Analysis in Mental Health Research
[J Research
Enabling Privacy Mechanisms in Apache Storm
® Session 5 — X - X -
8:15-9:15 Sensitive Disclosures under Differential Privacy Guarantees
(] BDRH Blood Pressure Management with Data Capturing in the Cloud

among Hypertensive Patients: A Monitoring Platform for

_3_




A ZE 30| & 4 WA
Hypertensive Patients
Indoor Air Monitoring Platform and Personal Health Reporting
e Session 1 System: Big Data Analytics for Public Health Research
Embracing Big Data for Simulation Modelling of
Emergency Department Processes and Activities
Red-RF: Reduced Random Forest for big data using priority
voting & dynamic data reduction
[] Research
Optimal and Efficient Distributed Online Learning for Big Data
® Session 6
Supervised Machine Learning Model for High Dimensional Gene
Data in Colon Cancer Detection
9:25-10:25 Risk-adjusted Monitoring Method for Surgical Data:
Methodology for Data Analytics (Work in Progress)
(] BDRH Patient Flow Evaluation with System Dynamic Model in an
Emergency Department: Data Analytics on Daily Hospital
® Session 2 Records
Two screening methods for genetic association study with
application to psoriasis microarray data sets
Study on Corporate Governance of Stock Market in Korea:
Network Analysis with relationship of Major Shareholders
13:00-14:00 L] AppliC&tiOl’lS )
: : Performance Evaluation of NoSQL Databases: A Cass Study
® Session 7 ] i
Optigrow: People Analytics for Job Transfers
16:50-18:00 | [] Plenary Pane5 | Mobile and IoT Services

o 7¥ 2¥(HF): Big Data Congress Applications, Research Track % Closing Session 4

G EBEE LT
Unsupervised Event Detection with an Infinite Poisson Mixture
Model
[] Applications
8:15-9:15 Reconstructability-aware Filtering and Forwarding of Time Series
® Session 9 Data in Internet-of-Things Architectures
NoSQL in practice: a write-heavy enterprise application
Building a Big Data Platform for Smart Cities: Experience and
Lessons from Santander
9:45-10:45 L) Applications Scaling of city attractiveness for foreign visitors through big
: ) e Session 10 data of human economical and social media activity
Automation of the Validation, Anonymization and Augmentation
of Big Data from a Multi-year Driving Study
10:55-11:55 [] Research Hybrid Traffic Speed Modeling and Prediction
' : ® Session 11 Using Real-world Data
13:00-14:00 D. g::;thlz Big Data Open Source Platforms
14:10-15:00 | [J Closing Session

0 74 39(x) d=: FFGFE) - F=H(RAH), &F 24 &2
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7}. Keynote 1
o FA|: A Holistic View of Software Evolution toward Software as a Service
o "=} Carlo Ghezzi (Politecnico di Milano, Italy)
0 YA 2 A4 6¢€ 289U(Y), &4 9:40-11:30, Hudson Theatre
o & 89

E
W oeyd 7 AFHD A% W g AZE
Pz

BYol = 2AY. £2ZEH ol BFA .19 WHE, Faggste &4 |
3h, AHE 79 ZAFO WS, Ee AZEJY AEEHE SE&ZZ I Wl
el &A1 o] Badh

A&HQ Wil NEAHNHUAE AL AAs] Uziths B S4& AYa 9
S B3, AZEQo]Y Ashs Zzae] AYHE AL Folt ZHelA AU

FFel 23T & de WHOE AaFolof g LZEY

F AN EDez FEstd ATHA 7S ZosiH, oAl= & Abolel A
7h MA8 ARRFAIAL e A Y. BURol AEEs 2ZEY ] JEa skl tis)
Al A Etes SR 2dds A Azdd 23S 55 AZE o
AaARd SHe AES S £ 2= AFE, Avlz 7R AR 5 M @
Aol A, AT, oAUA &n S HIZEAd gl i A&KFHo=
TEHL F AEF 2ZEof ‘A7 A3 BoAd HEsME AT

L}, Keynote 2
o A Big Data as a Service at NASA
o ¥} Tsengdar J. Lee (NASA, USA)
0 YA & A4 69 29¥9(2), 22 10:50-12:00, Hudson Theatre
o W& Qo
1 dlolE7F AW EAE, AFHA AF AAES o84, VIEHoE A =
=7} & dolH

A=A, Aolz7t & HolHE of9A #

H2 B3 A § 54 FEe 2] f8 B2 o 7x3E HoHE AR =
= dEsts WHe Foldr] A3 AozA H Holl HIss HH4.

T HAZ M dHolErt AU EAs, B4 ZI¥oly Jles AME st A=A
o A4 Aol A, o] HTHL B4 Aol dig o] e oldE T B
Fol HlFrxstd HelHZRH on Sle dEe Follr] 93 AS=2A M Heoly
of Hste #Hd

‘H HolE’ & gRuA sErt AA2HA ZA He Aelzd i awnle A
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B4 Aole] #Ee BRI A AR
2 4 B8

7}. Plenary Panel 1
o FA|: The Arc of Research Activity in Key Areas of Services Computing
0 AF8) A} John Miller (University of Georgia, USA)
o 3d: Hong Zhu (Oxford Brookes University, UK)
Elisa Bertino (Purdue University, USA)
Ling Liu (Georgia Tech, USA)
Manish Parashar (Rutgers University, USA)
0 YA B A 69 28YU(Y), &3 1:40-2:40, Hudson Theatre

o W& 8°F

B E2e) Bxe AT 99, A%, $F AT TEAES AE L I AL,
£3), (D A GA= Ao} SI 2 Az Hek 9 AUARE BE, Q) FPE
Aulz g9 dolE o 4g Fold Au Frest

Hed & Jde HFE S % 9448 55 Qv (4) 2AF
B HZEZIA Q] Mul2 A LZE o] F8 V)&l i3 99& &

L}. Plenary Panel 2

o 5A: Big Data and IoT

0 AF3] Al Tony Shan (Chief Technologist)

o ¥'d: Cristian Sturek (Founder of IoT.do and InteliAthlete Corp)
Dan Daogaru (General Manager of IoT at Hortonworks)
Jason Kolb (CTO at Uptake)
Tom Gilley (Founder & CTO of wot.io)

0 YA L A4 69 28¥€(Y), &% 4:15-5:25, Hudson Theatre

o W& a°f

AAZE 8] HolEE AagelA B HolBE Hobd £, Wa, A%, A, BAste

Het, B 7%, AW 7% 5o A2 Beph AAW Aol T & AL & AR

4 o] YW BA e WA 125 & HE A FsaES 2olSUL. U
q
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=

o olel g, mAol A Qg olel,

Al, A4,
.g’_%;‘g].jr_ F3 H bolE of AHERJIEY Eofe] W uEF

t}. Plenary Panel 3

0
0
0

0
0

t}. Ple
0

=A): Service Economics on Cloud Computing
A+&] 2} Ajay Mohindra (IBM Research, USA)
¥)'gd: Bharat Bhargava (Purdue University, USA)
Dennis Gannon (Indiana University, USA)
Michael Goul (Arizona State University, USA)
Gueyoung Jung (AT&T Labs, USA)
Nianjun Zhou (IBM T.J. Watson Research, USA)
UA 2 A 69 29¢€(8), 2% 2:10-3:20, Hudson Theatre

0§ s
33 9 EReIAE FH9E ARl Auzs BA WHE ofgs] ooy &
QLA FHHOE EEW. FATL AFUL TF LACISAI o159 AP o
§2E A7HoR Yt R92A oz Auzs, PP WESD Avls, AN

= -
JEU AMul2= Asa 58 AR P02 5 F UA)S S8t [T 4ds AF
qhol Aol A, ‘Hgo] osf FORIVIE AT AHIZ 7INRe] AAlE WET)A
3 9. 8l laaS(nfrastructure-as-a-Service=host), PaaS(Platform-as-a-Service=buil
d)¢} SaaS(Software-as-a-Service=consume)7} &3 wj e o] A S Hal k2.
J=y o] W3k A opz X Fol. Zze] Au| 2o tighk ZFx[E 7ol 7Rk
}o2k8 e 54T AYY 9 9 A4 sEAES AdsteE Aulx
= Z sl ofF sfdsiof & B2 7eHd oAHEol ol U=
= 34 F 3?‘/}{— ARl JEA QD A 2ES FxehE
H H 2 AlA 9} fASA] gk Avl2 S & 7] 9
o= AL ou|d}
+ 75 220 Ui IAE JAAHNEA =
= ’%ﬁ%ii AE 2 AR S5, A2 AEEke) R
(Z7D, 183 APl T4 AFEH A" 745 53 Al 53l tis] Ay E

nary Panel 4
A Convergence of Cloud Computing and Big Data: Making Big Social and Human

Impact

o AF3)A}: Calton Pu (Georgia Tech, USA)
o 31gd: Henning Schulzrinne (Columbia University, USA)

Peter Chen (Carnegie Mellon University, USA)
Bhavani Thuraisingham (University of Texas at Dallas, USA)
AA D A 69 3083, £F 4:50-6:00, Hudson Theatre

ZoeE AR PAHOE BE APl A M5 Ad fE AN, AF 5



HS S48t AE. 8 HolEe - 53 At e #ddd - B2 YA 4
Ha Qs 2EE AFEA H delHe i o9&, A o5, 2unE duH], 1F
AbolH R, E]3 Hokd 22 BT YA Y &S 2RHoE WA
T A= AU FZke= AR Y dolEe g9 B JHA oler B T
i BAME =3 22 olgrel el =g (D & wE A2 ol 7)

2 =4 o= &94,

o}, Plenary Panel 5

0
0
0

0
0

A|: Mobile and IoT Services
A}3] =} Nimish Radia (Director of Research and Innovation, Ericsson Research, USA)
gd: Rong Chang (Member of IBM Academy of Technology)
Roberto S. Silva Filho (GE Global Research, USA)
Teresa Tung (Accenture Technology Labs, USA)
Manish Parashar (Rutgers University, USA)
YA 2 A 7Y 195, £F 4:50-6:00, Hudson Theatre
-8 aoF
20208@7kA1 5009 7 o] 4] AbEo] AME dAAd"E A, Eutdd AEIEHU AH

Y
S oomAn 2 A UEYD RB/5E OAY R, FE A 7hss)

22 FYAY T A9 BE 4 Atolmamo) 2t £ AAges ¥t 4
o] E AY. HZ ol Eutd 9 AEJHU Anlz=9f A4k 2 83 #HE F
8 84y ‘I, wWEI, AL AA Holy 7§k A3 IAE 7]7], APIE A 9
A FHAZFARE 7ol He HFE AZHolY AZE]) ¥ oolFA Jsst
T2 AAHL, z239 ZAxo] 7l53 An 2y

521 3id EEoA = AP HAESIE fs o9A olE 3 AB|2T AAkEI, T
AEEA Y g8 =98 F8 5 Ve 84 9 EdE - g7, 253t #FEEH
MEL FAl 7]go o]27|7HA] o U2 AMY AHE ==3517] fa S3;E, 76 A
A ARolA Butdd AFEQJIEY AH| 29 A EHHQ EH &P 7HeA St T
AAQ] 7l @ EA=rt FoljJA thal] =23 =3 2utdd AFEQJIHU AJH] 2
o AA dlolE, A AAE FEIbsA, Al2E T3 OEo] AZsE A o]F AL
2 AAE= 1153 S ] = FREJEI Al At AtE F, 9o
E 7I71(ehE A, AA WstE SA4sks AW, 2E AFA, &8 5 AR
AZ4E AH2+AES E83 A5 AHlS)
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7}. Session 1
0 YA 2 A4 69 27TL(E), 24 9:00-10:00, R3.11

- A3} Ligiang Wang (University of Wyoming, USA)

A Real-Time Decision Support Tool for Disaster Response: A Mathematical
Programming Approach

- W32} Yong-Hong Kuo (The Chinese University of Hong Kong, China)

- g ok
Ae A 2GA BYFE AR ABFHoE 4
A EAAA BNE AR AEFe) TR 5L
A7Eg FolAY Taly) fldl dA wHe )L
A ITAREA2)s 8 Hole7} 23 AT e g At Ju 3% 9
Astel olMe e AT s W, A5 Aol 3

= o}

Estimate

Obtain Real- Demands for Deliver

Emergency

Determine
Shipments of
Emergency
Supplies

Disaster Strikes =@ time Disaster §& Emergency
Information Supplies for the
Communities

Supplies to the
Communities

Figure 1. The Aow of delivering emergency supplies to communities of affected areas,
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2) Scalable Query Optimization for Efficient Data Processing using MapReduce
- "3z} Yi Shan (Arizona State University, USA)
- g 2ok

N Fa(EA AFE LS A8 ML 229 AZEYY ZHAYA. d&3F o
olE]9] 4l <kHg HEE AT A ¥ AdAE oA U HolHE AR
Je dHelE7E] ERslY FHolFa, flfFa dAMAE 9§ Ad T TE doHE
AAsTL ddle HolHE FE3 gz fysx =y dYda F shs(hadoop)ol
4 FET 9l B dolE Ay ZaAA(FZsIE FHZ dHolHE Busia
Attt AEE B3l 8 ARE dE& H)S AT F&H] 209 REEA
A A 2FE dey] RS YWElw2~E ©]8% SQL(Structured Query

27 A2 F e do=E, dHolElE AYsta, =%

Language: d] o] & o]~
st, 223 A3E A
qE) AZE AYstr] 93
o] T8 v AA=E
of ®A1A ZstAY, AL o7 =
o} 2o Y EFAELS SQL HAP9 mdE JdAE FH
SOSQLelgh+= = A 9], W72 &8 SQL A&

2 T2 FUSE FTATL A AU AN,

_{

te Lo

3) Developing a Real-Time Data Analytics Framework using Hadoop
- W32} Sangwhan Cha (University of New Brunswick, Canada)

=
=
JgeL Had 5 U3, FLARL Aojsts AYsE T
gAo wyow A% T2 A A
=

- W& 8o

A FE&HE AYdEE 2L vEFYH2Y WY 7vtew 3 dERE Y W
W AA FFelA dFHorE H &, Fgol s AFE AHI2=E AFsr] ¢
g YIAZES AYS Hdste FEY FYU2HF A F 2AY BEFS EAE =
71 s ABHLE WHE Hrisirtd A7) BEor FAE sjdste WS A4
. 2y vEFel Y B dHolH f3oly AARE e e nEEtEA &
A0 AJE AYE TEHS B3 ExAAAe s B4 e A9,
dlole &, dole g4 9 AZ3E Aysted 283 AP} == ZFsE
dlolEle] tg AAIZE HEE TF7] 9 AAIZE oy B4 ZFAAas Mad
S =H o3 F£AE siAsts Wil tiel uHF B AFelAs AIE R HA
F3lE dolee &4, g4 Ay, 2EZYW AZ3E 98 Storm/YARN Z 24 Eoj
Z19kgE o} 7| F A E AtE 2 mEo} B4 BT E 9IS APl AW} AZA " o}utA]
2 83t B AFelA AZE o HIAE AHY A& & op7IEA AAF
AAE A% A7 AAHES AHsta, 4 FAHLAEY VT Hed 9 AAL
HolE, #4845 3t tlolH 558 ¢l Zadk AE 5 ¥l 7|53 HAE o
sl F71e RE FAHLAES 449 JlTd ds HdsA R, A~E &
E4e AS3] S8l vl 71sA ] HAEY Fa Ado] taiyE AEF

_10_



4) Content Based Image Retrieval on Hadoop Framework
- "3z} US.N. Raju (National Institute of Technology, India)
- g 2ok
st WElw ZEYHIZAAL UE71Hd A (CBIR, Content Based Image Retrieval:
£ oluA 7L Ao HEHA Holgu|ol 2o AFE A= M, B, AR, &
1010} 5 7R FFe) 5SS vgoR OE ouA S} uuslA 7t
Ag gotre F)ol sl 24 BEHo ATHE Fold
ojgt= A 7““011 849  AUARE 53] LTrPsgh= ARl tis
2ME YT A AR A}?M 54 wE 32 9 Ag 23
7]

T
AN Vo 282 F s

o i 2 o

Olﬂ o g

5) Phishing URL detection using URL Ranking
- W32} Mohammed Nazim Feroz (Texas Tech University, USA)

- 0§ 8o

= 289, 2 A% A Ay Sas
BH4 FAHOE PolnY QRS
5 Wiz el Agshe] URLE Hhae

L}, Session 2
0 YA 2 A4 6¢ 279(E), 24 10:15-11:15, R3.11
- AF3] A} Kelvin K.F. Tsoi (The Chinese University of Hong Kong, China)

1) High-Order Tensor Decomposition for Large-Scale Data Analysis
- W32} Longzhuang Li (Texas A&M University-Corpus Christi, USA)
- W¢ 8ok

(

aAd "’A Eei= dlolE whold el oM mi- sa% 7] A 5E&F
A & ®HA &l dadlE ﬁﬂi*ﬂ‘%, BF B, ol "A Sl 543 9
F= vH. FEAAE shs PWElws ZEYHIE AHER, Tucker(8 7)) ®lA £
o F4 JhestHAx EalE Wzl MR-TO 7] il &3 AFolAe °oF
Fd 4 Lrdses dsts diAl, 3¢ F] olg o} A= Hasshr] #fs) Wizl B
do dEHoR AFEsta W "M gEE AAgo X ity dHolE HMEES
w3l

_11_



2) Optimal Feature Extraction and Classification of Tensors via Matrix Product State
Decomposition
- ®3Ex}: Johann A. Bengua (Centre for Health Technologies, University of
Technology, Australia)
- g 2of
8 dlolElE Abo]=7h 2 ole] e Ak dlolE MER FAs v WRe 9
ol MAGAY olakel mAY A wlolEs} AY W el HolAk 5
T F Baol A7 37 WEG S Sl B4 A2HE =Ust wlolE
XA e ol Aol BT £ S wepd A 3
Ak & S 5l =

Bl Z7hEkm Qg
n S %S a -
2 Hgx F2He A o= AP ERE TAY & b MPSEHE T3E

3) A Workflow Model for Adaptive Analytics on Big Data

- W3 2} Verena Kantere (University of Geneva, Switzerland)
- W& a9

oft

& AFAHAY Arjal dHolg A, 2ol F2o] oy 71X
2 2R o]2ol dolE Az, tha A Ao o3 o] Fo|R. o] Ho]
e AHEAES AR BATL 1R, 9n anass o] Tk

< E

A8 A9} A

4) Behavioral Modeling for Churn Prediction: Early Indicators and Accurate Predictors of
Custom Defection and Loyalty
- W32} Muhammad Raza Khan (University of Washington, USA)
- g 2

AMul 2z AFAE vrE 4 FEol tg dF, Ee ARl: ARS TEE THeA
o] & 1AL Hetstr] AT AU B2 A A Gl Fa3 dolH, Y
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5) Analytics of industrial operational data inspired by natural language processing
- W3xAk: Mariusz Kamola (NASK-Research and Academic Computer Network,

Poland)

-8 8¢9k
A AR AHEE T OdFRE 7t w9 &8 B2 HolHEo| EolA H. old%t
HolHES & Fx3lHo A, ddAeE TAHH, 11 7|3l 2A #AeH. EF
ANXE= A Aol A7t gh5d wlolg o oAnF g HAol ohsf A<t Lwk3
o2 AE&E F Ae WHE o] f8l, A9 AAHo] 2AHoE #AYE F U=
5 AAst 2 /FE A AT EZN Alx AP a3 ARE oFF. AT
Ae 7t 4 & Holy AldlE HEFTOEA HolE 9 o g #AHE AL
gt

6) Online Nonlinear Classification for High-Dimensional Data
- W32k N. Denizcan Vanli (Bilkent University, Turkey)
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t}. Session 3
0 YA F A4 6¥ 27H(E), 24 11:20-12:20, R3.11
- AF3] 2k Bo Hu (Kingdee International Software Group, China)

1 Cloud Tree: A Library to Extend Cloud Services for Trees

- w32} Yun Tian (Eastern Washington University, USA)

- & a°F
29 Qe EPAR T2 A4 9 B MeeES s FASE
zol el w=olF. oldd TAES AZFEY] s, AAd
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gste] Pasitty A4EE 9 E=E HolE
71 &83 CloudTreeo T4

2) Matrix-based XML Stream Processing using a GPU

3 A

- 932} Soo-Hyung Kim (KAIST, South Korea)
- & a9k

GPGPU(GPU #+e] W& A4k dutzlo g AFH IHgI2E A3 A4 od 1
Y X2 FA(GCPUE HFHo=Z T4 A AA(CPUZF 2y &8 Z=2IAE
o] Algtel AMg3HE 71EE olE F3l o] ofd HolH o 2EFY Z2AAMA G
H g B8 AHEE §8& Z2OPEC] 4A o8 F UAEE *6‘}% HAIFE ZE
T F2DE AR 5 A F) HFEY EFo=E, ¥E AHYE AFHYY F
itk e], oAl A He Hl%sa ¥y X7t 7t e s O

[e]

2} 71E XML ~2EE Z A
22 GPUZF zta Q)
o|zl o] MEZY2E H3x, XML £
Ao MElk~ 71U XML ~E

3 =93k olE Fall uhEe] Hel ZEA Aol @3 BooleanUlE LBEAHEE st
o] AWEYRE ¥Eo] = AA) AR HEH= A& A9 E. Xmark WA vta

[‘[l‘ [
© o) E
=
tlo
gt
°ii
>
[m M

tolel NE=Z A3 A, 11«1 %liﬂl% of mls] & AFolA AT daelFo
8l A= O U2 AY HgE & F e 45T

Flexible Data-driven Approach for Execution Trace Filtering

- WA} Kadjo Kouame (Polytechnique Montreal, Canada)

-8 qoF
A FHLE T3] AlxEl A3 A FAE Setsta EAAES Fetstr] s AHE
H a8y A F38 A, g&F dolHE oldd #4S ERsHA & ¢ A =T
BEE AAgAEC] 3 53 AAHe e dA #Alo] e Aol ofd. wmebs AHA
g e ol E8&HojoF 3 HE P S Ae]=et BEFAES SolWA F3S A3
st7] fell AHEEH, olE Fal £42 & O AR RN =99 HIHS A
A3 XMLeA ] Lkl e S FYste, 7Md TaHAE #A4lo] Ae
MRS T2 E4E F UAERS & F= 71HY. 2EHAE Ayg e /73 ZH 71A
5 283 I &4 dhS ey A 7ol 234, dYE ofF ded A
18 e RE B33 oxd Ao 2714 A8 72 ol 2RE Uee & 3
© U 789 THHA Y5 s BT XY F UAEE FAHEH. B dAFodA= d
olf 7|Wt EH HIHY FAAJ] ol i =<8, LTTng 252 A4 F
AZA S AHEsA At ATE AAE
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4) Road traffic analytic query processing based on a timeline modeling
- "3z} Joonho Kwon (Pusan National University, South Korea)

- Wg aof

FHEE 1T oy F7HE &) ¥ HelE res ol&d =2 uFd #dd A
S E40] 7hedt AR wT #d 3 olslE w71 Hsl, ¥ HelHE o]&s|
A 1lF AERE E4F F e EEE S8 2T dolH o AxiuE Rds
AYsta, ZHlolHERE AUE oy TxE AAS] A7 dadEe At
o EF wE BA4e fE ARUE BRES E8F A Z2AA dadse A
g A AFEH 25 A" AEH2RE ST dA 1% dHely AEd dads
< &5t a3 B4 A=

g H HolE: F4b ITS AH 2R 353 =2 % HolH. 7 =2= 7|
£ z

=
S5 JRE £ el 4 =Es

el a"eA HH =2 13500007000 nlE EFto] AlZE AZEE TA HoE &
& Qa, ool drht A&REA 1 Az BB 52 48 ouiEd 5o
JRE Qe & 9L EF WF THAE BHOE Uehi: FFAA, e £29
W% EA} Al tehte 2190A Sof @ #4o] sbsd S22 A ofel
U i @% Sl Yt 29 & golkm) Hetw /b5

5) Approximate querying in big heterogeneous data

- "3z} Verena Kantere (University of Geneva, Switzerland)
- g 2o

AHA BHAM el AVISe] B A A71SS AN AgIHE WP B
Sthe A9 A, Ao AFHE 2E DAL S4 o Avte] B
91, &zo] 27uk FRte] ABYI HHo] AU AVE He AY. WA, 7]
£ a2E Y odd BRW uY FEE SR Usim 22 vjge) tehs
A Lwrae). IYEE AUHOE J1E AY $H FuYFS Fa AdAANA A%
2 QAT AAE olHE @S s ol W9l Hold AxRRHY AT §
gol % Bad A= ¥ dolg Avel AZF BA Hu Ue. webd oY
se BEEE vY BB AVSS T 5+ gE AU A A 5 AeA, ofd
A BAol Y ANE dFHoRaE Fobd & YA} BAH] Y. B B
AL @A AT AW FA A& PRoE, Y A ZFE, o] A 1 Yol
H 428 45402 @57 A% 84 B, AV @ 5 A= P 2



2}, Session 4
0 YA H A4 68 27H(E), 23 1:30-2:30, R3.11

- AF3] A4 Durga Toshniwal (Indian Institute of Technology Roorkee, India)

1) Queriosity: Automated Data Exploration
k3 2} Abdul Wasay (Harvard University, USA)
- e QoF

A3k dolElzt Aol Hx A, dole YAl 3, A, A FHAM e A
Bl ok AT 2. Lenh vole FAHTHE dolE P sgA HAE @
W oHold AzsEe Hold AMTE sHsaA F BEAME AEH, AU BEY
dole] gl A2elel Queriosityo] thal AA. o AzEle dolE Ao stk
Q) o5& TSt glom, wad HolE A tAl HolE ME F At BA
o B AL M ATT 5 At AL BEF CHolH 2R S PHIE AL
B2 @ Queriositys EANS, FAZ 54, AgAsle] Hagol s|uste] A
A= ARE ATH, ALHOE YA F Y=

2) Write Optimization using Asynchronous
Databases in Map-Reduce
- w32} Feng Yu (Youngstown State University, USA)
- & a°F
e 2Eol(d EH = HolHE AAs)
9] TlolE o] 2o Blsf HolHE ¢
U Zy ~Eo dlo]E o)) 27
wUel. 227 A AZ e ddd
o] o] B Hjj o] 2=0f] A o] BrFofA
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3) Social network analysis of developers and users mailing lists of some free open
software
- 932}l Armel Jacques (Universite de Yaounde I, Cameroun)

- W& a9
Kevin Crowston €9 H A <ol BuH uie} o], 0 Ax AZE o=
He| RO, FES AZE o AL FHRE AR BHEE w-$
ARS] ddola, EFE WY {FE VAR FAEE F5 AZE S Az 3
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Update on Out-of-Core Column-Store
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4) A Data Capturing Platform in the Cloud for Behavioral Analysis Among Smokers: An
Application Platform for Public Health Research
- w3 A} Kelvin KF Tsoi (The Chinese University of Hong Kong, China)
- W8 89
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A% L AR 71E BEAe A, 2 AR Sl s dtd = 9, o
2 3% 57 B9 Y ATAE oA FYUFL 8T F YL
- Data Captured
‘T, aw’ In the Cloud
E 11\ _____M——-—"’F"

e s %
") 9 @ >
Q@ " g ' @

] Epidemiological studies
Frozen Datasets in Public Health

EHBeT 7 dolE £ AAE>
v}, Session 5

0 €A H A4 69 27U(E), &% 2:40-3:40, R3.11
- A}F3] A} Yuhong Yan (Concordia University, Canada)

1) How has Twitter changed the Event Discussion Scenario?: A Spatio-Temporal Diffusion
Analysis
- w32} Purva Pruthi (Indian Institute of Technology Roorkee, India)
- W& 89
z7] A8 A wjA A7) FtelE, AR AR AYE A=
of ofof qrFE FHle| glv AR BH HIrt o] FAF. 2] &4 wHo|r}
SsAA, AR Hy A= & W3t AL

4. 22l 24 mhols F A7E
mom ZHg mE oAtaE o] HUAL, HolaE, ESE 22 2l &8 U
EfIs A FAE Hol AAAR At A7) Adle 2@ AES
MDA ZREFS AFTTFEZA A 7AFUAld e 3. o] 499
T8 ATES A AR My @Ae E4sks Aol 2F o] BFoA e &
ATolMs At AR dEst] EQECAAN =od ST AAl Ade 242
24, AR gdgo 9l dsf A7 N2 ARdS v 22 7l o
F3 g AN, B2, AY-a3E X2 GE, AAH), R AL WY E
(T A, A1), (7] As, 7] flv), dAGFAAL, AF A, dAH
=2 AR A, AR T, AR Fell ESLe] HIETE AIERD AR B Aol
7F & A, AdAd A S tdE] AR 22 AL, AR A Fol
T =97t IPH= ‘enirte JdE R 3 2y, AAZ Aol TAR Fo =
of7F g AE-3H BHS SeiAs, AHF Aol At AdEL A
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97 AAE oA MAA Ao =olrt sHtE. =@ HESY §
Txobd AgA 3 45 BF TAZE BEIA, A A §Pol o)
T AHEAE T BAE FEAINE AA AL FUH-QAH A FFHo
SRR RIS R R
2) Discovering Environmental Impacts on Public Health using Heterogeneous Big Sensory
Data
- W3z} Minh-Son Dao (National Institute of Information and Communications
Technology, Japan)
- g a9k
o]71% Al A(heterogeneous sensors)Z2F-E1¢] Hlolg »EgHW EAEE QoFste] H
AT A A el s A ol PWE AW Fad ojolio]
ANZE ARdE 'AEE] fgkeln, AAA, ARSI AlA H o
Al F AHBAAE EEstd L AR Sl tiEl olsf VhsstESs AWstr] AT W

HEY u5Fd dAle 34, #3240 RBAES 74517 fa 54 H9EHI As
Zow dgdd e AT =2F ZEAZE 745 O9 o, AR 2de A
B oA o7 Zdtaly] s P=sS HowHo F83to zaA WAy, 73411
zbo] QoA B IR Z2 FAle A" WHES HUME fd &8F. A
s A3}, Ake HHES EAHI FI-AIHA Aol HAe A A E l‘__ri,g_ 2
F4e zta AAsE F AeS 4T

3) Detecting Corporate Social Media Crises on Facebook using Social Set Analysis
- W32} Raghava Rao Mukkamala (Copenhagen Business School, Denmark)

- g s
44 vtole] 49 Hrel WE H S5 8] &4 vt AgAE 4]
Agol BAE olnAt RPHOE A&HE @ /1Yol HEF 2 ofele

= o Z
el oA E AE JF BRI 3 o2& =Fshe]l HIFE 7Nk
A+3] A %%44)% T3l 44 mdoR <lg ol r|Ye] 9718 WA A% JE
S As 424 dHolHY MEA, 47 mdd ZAstY, 4719 Wt 3 Ak T
3 iﬂoi% B delElel AE AT AT BHS ANY 24 A5k, O8FolAT
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AAE B ATl A I 97 dE 71ES A8 F dS 2oE E

o)
o
i
2
Y

O

rulo

4) Data Quality and Energy Management Tradeoffs in Sensor Service Clouds
- w32} Victor Lawson (Georgia Gwinnett College, USA)

Zepes slure] A4 HolE £3 AulzE AEAE U0 F8 Rk AY
& s Al el suA $a7h F7Hl weh, 2EWY Heoly 2
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B ASAEE StelF oUAE BEFUA FA FAe dolHE W & Y=
S o] B Alolo] 45 ¥ Beleh AW ATE FEA 2 AHo|Ye. B
ATAME, dolE 2EY LNAE G dolg A AuAE doly 33 AAAE
9% BEFY oluA BEY CEE A LuelFd 2FFoRA 4B 739 B
2 B AAEA FAF. olgF qUA Bel Auss Held A oux g F
oW AL Mesof A THsE LHASNA NES RS F YRS AF A
T2 B3 45 #PL Bels] ¢

§ 29 AW AusE AUEd, FFAY
Sazte] ol ~ELD oy Ag UsHE HAo| WA FLE Aus of)
9AHE AR olHF AT AWt FF LuATL oUA &S AT AYL s
Y 7eg 5 2l

7}. Session 3 : Bigdata and Social Network

0 A F A4 6€ 30¥EH, &F 1:00-2:00, R3.11

- A}3] A} Viadimir Hahanov (Kharkov National University of Radioelectronics,
Ukraine)

1 A Clustered Approach for Fast Computation of Betweenness Centrality in Social
Networks

- W32} Eugenio Zimeo (University of Sannio, Italy)

-8 29

AZE Qroll A F Qe Brandes %}73&4 WY xﬂ?}?}. ?ﬂﬁii, o] 1]
Al A Ful(Louvain) W 7 ]+o}°4 g4 7hseta aE&4%
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ATHEE 7€ T 3 3
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L}, Session 4 : Bigdata and Social Network

0 YA 2 A4 6€ 30¥€(3h, 2% 3:30-4:30, R3.11
- A3] A} Peter Chen (Carnegie Mellon University, USA)

1) Can we Rank Emotions? A Brand Love Ranking System for Emotional Terms
- W3} Eleanna Kafeza (Business School, Athens University of Economics and
Business, Greece)

Mg aer

E B3 =g EX

= ‘_I

=1 &
o AAS FozM A W E s 2

0_1_4
=
=,

2) Deriving Topics in Twitter by Exploiting Tweet Interactions
- WA} Robertus Nugroho (Macquarie University, Australia)

- g 2o

H dlolH &8 UESIREA S EfEHE A AACdA dojvds HA F339] AE
THsk= vl M T8 &2 Fo U EEAAY FAl= BEAH, AR
B4, ZH= EY, dYAES 22 gdd 58 Z2I8S A% a3 249
a8 EREY FA= &2 WAXER 74E. @AY 4 dolE B4 UHe E
Sl Rz ket o A4S &8st UARE ESl Y FEAg 24 il
A st s GRS ESS B ARE 45T dF5oE A3 E
S o] AEFg, g9, ES FH2E BF IHIE AERE FAOY B4 W
tfal A FAH SR, ESA Y FA= ESY AHFozE on EAd 20A
o I Qs duddES FIHFoEN =2 A I v 7" ESlS
ZHA 2 g A4S S A, ] AbE UHEY UL AU EEEHS
glgh T3 o] e FE8FoEHN, ES AT A 4 Al ESEHIT 7R FE
H2ER QS A7 fEdtE A 9
3) Matrix inter-joint Factorization - A New Approach for Topic Derivation in Twitter

- "3z} Robertus Nugroho (Macquarie University, Australia)

- g 2o
A F2 AHHE BE 24 vde] FUF & EYEHE A& AN 5L 9
@ Fo FYFoRAel VL 1 S 53, ESEE mUEPsT ke F
AE olslsts Aol Balol g Tt Z1Ee] Bl fiRR e 4TS A



g3t A 28 ESY #2 HE2 A4 5 FEA eV Wil AgdE A
528 ABEE FHANAC I LEA = NMijF(Non-negative Matrix inter-joint
Factorization)olgt= MZ-& WS AL o daugys Ag vHEAA A Y
ANA ESE F52E 543 W& 2Hd=S 352 3l sk WY, A4
EQH HolHAIEE &8st x&HQ HAFE& Fall, joint-NMF(Joint Non-negative
Matrix Factorization), NMcF(Non-negative Matrix co-Factorization)E Blnlgto 24, A
ket e E3E e O Ad, AE NMF Wyel A4 434, €%, Bt
AT AR AEE L HEE HolA joint-NMF, NMcF, 183 Ae 31g FA4 f %
WHS S7MskeE AR s A5
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t}. Session 5 : Privacy

0 YA ¥ A4 7€ 195, 24 8:15-9:15, R3.11
- A8 A} HyeJung Moon (Seoul National University of Science and Technology,
South Korea)

1) Privacy Preserving Data Analysis in Mental Health Research
- 2% 2} Jingquan Li (Texas A&M University-San Antonio, USA)
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2) Enabling Privacy Mechanisms in Apache Storm
- ¥4} Jingquan Li (Texas A&M University-San Antonio, USA)
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3) Sensitive Disclosures under Differential Privacy Guarantees

- %32} Chao Han (SFU, Canada)

- W¢ 8ok

NIR(Non-independent reasoning, Hl=HZ4 A, ol W #lZ=E0] 5L 7]
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2}. Session 6 : Big data and Learning

0 €A B A4 7d 1d4(5), &4 9:25-10:25, R3.11
- A3 A} Jingquan Li (Texas A&M University-San Antonio, USA)

1) Red-RF: Reduced Random Forest for big data using priority voting & dynamic data

reduction
- %32k Hussein Mohsen (Indiana University, USA)
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2) Optimal and Efficient Distributed Online Learning for Big Data
- w32} Muhammed O.Sayin (Bilkent University, Turkey)
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v}, Session 12 : Analsysis on BigData Research and Platforms

0 YA B A4 79 2U(H), &% 1:00-2:00, R3.11
- AF3] A} Sathish A.P. Kumar (Coastal Carolina University, USA)
1) Big Data Open Source Platforms

- W3Ezk: Pedro Daniel Coimbra de Almeida (ISEC - Coimbra Institute of

Engineering, Portugal)
- g 2
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ZPZS vwgt. E3] Apache Mahout, MOA, R Project, Vowpal Wabbit, PEGASUS,

GraphLab CreateTM$} 22 o &2 ZPEZFS BN
5. & &dATF
7}. Session 1 : Big Data & Health

0 YA 2 A4 6¢ 30¥9EH, 24 8:15-9:15, R3.02/3.03
- A}3) 2} Jeffrey Tsai (Asia University, Taiwan)

1) Big Data Analytics Framework for System Health Monitoring
- @2} Brian Xu (Honeywell Aerospace, USA)
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2) Predictive Modeling for Comfortable Death Outcome using Electronic Health Records

- W32} Muhammad Kamran Lodhi (University of Illinois, USA)
- e Ao
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3) H-DRIVE: A Big Health Data Analytics Platform for Evidence-Based Decision Making

- WA} Ashraf Abusharekh (Dalhousie University, Canada)
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L}, Session 2 : BigData & Network Management

0 A F A 64 30€Eh, 24 9:25-10:25, R3.02/3.03
- AF3] 2}k Suzanne Mclntosh (Cloudera Inc. and New York University, USA)

1 Design and Realization of Cognized Routing Resource by Big Data Analysing in SDN
- w32} Hongyan Cui (Beijing University of Posts and Telecommunications, China)
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2) Toa: A Web Based Network Flow Data Monitoring System at Scale

- W32} Jose Ortiz-Ubarri (University of Puerto Rico, USA)
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t}. Session 7 : Big Data Application

0 €A ¥ A4 79 1H(5), 2% 1:00-2:00, R3.02/3.03
- Ak A} Tony Shan (Chief Technologist)

1) Study on Corporate Governance of Stock Market in Korea: Network Analysis with

relationship of Major Shareholders
- WA} Hyejung Moon (Seoul Tech University, Korea)
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2) Performance Evaluation of NoSQL Databases: A Case Study
- W32} Neil Ernst (Software Engineering Institute, USA)
- g 2o
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3) Optigrow: People Analytics for Job Transfers
- 232} Kush R.Varshney (IBM, USA)
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2}. Session 9 : Evaluation

0 €A H A TE 29(F), 274 8:15-9:15, R3.02/3.03
- A}3] A} Barbara Carminati (University of Insubria, Italy)

1) Unsupervised Event Detection with an Infinite Poisson Mixture Model

e R Woe ml
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- 32} Vinod Hegde (Insight Centre for Data Analytics, NUI Galway, Ireland)
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2) Reconstructability-aware Filtering and Forwarding of Time Series Data in
Internet-of -Things Architectures
- WA} Apostolos Papageorgiou (NEC Laboratories Europe, Germany)
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3) NoSQL in practice: a write-heavy enterprise application
- 32} Joao Ricardo Lourenco (CISUC. Centre of Informatics and Systems of the
University of Coimbra, Portugal)
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u}. Session 10 : Big Data Framework

0 YA D A4 7Y 2¥(F), &4 9:45-10:45, R3.02/3.03
- A}3)#}: Tony Shan (Chief Technologist)

1) Building a Big Data Platform for Smart Cities: Experience and Lessons from Santander
- WA} Salvatore Longo (NEC Laboratories Europe, Germany)
- g 2
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2) Scaling of city attractiveness for foreign visitors through big data of human
economical and social media activity
- WA} Iva Bojic (MIT, SENSEable City Lab, USA)
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3) Automation of the Validation, Anonymization and Augmentation of Big Data from a
Multi-year Driving Study
- "3z} Bruce Wallace (Carleton University, Canada)
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7}. Visionary Session 1
0 YA 2 A4 6€ 299(8), &% 3:30-4:30, R3.02/3.03
- A3} Latifur Khan (UT Dallas, USA)

1) Research Directions for Big Data Graph Analytics
- 2322} John Miller (University of Georgia, USA)
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2) MCD: Mutual Clustering across Multiple Social Networks
- W32} Philip Yu (UIC, USA)
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3) Big SaaS: The Next Step Beyond Big Data

- W32} Hong Zhu (Oxford Brookes University, UK)
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1}, BDRH (Big Data Research in Healthcare) Session 1

0 YA B Aa: 79 1d(5), 23 8:15-9:15, R3.04/3.05

- AF3] A} Kelvin KF Tsoi (The Chinese University of Hong Kong, China)

1 Blood Pressure Management with Data Capturing in the Cloud among Hypertensive

Patients: A Monitoring Platform for Hypertensive Patients

- W32} Benjamin Yip (The Chinese University of Hong Kong, China)

-8 a9

aEPS AduI AP AdaIelA N8V Ve AR ddBP) =4
< AgdEA A& Bl w3 249 HTY F 4A4EUEY BP= AT
A dRbRow AMEEE WH O R, BP 2dd aRAR =79 olHY AAHHE
AR 7lE AEACNAL EREVE HA . 98 HolHe BE A qFEIF of
T Woigh ol2d tlolE o g a3ARl dels sAnze S FIAAE A
d. o= HeolHe FTeE e HELS A2 A¥S dAs. AREIA BH
7I's3 AF HolH AP STFE Jed HIo F Y4EYEY BP Az"EE
ZAdgstes =77 2 A TR S0 928 Ji] BP F4717F A5
Hk BP tlolE] fAAY I FRFOE ASEHE AAH S ARy, o]ys BP &
J Bl 42X HoJE7k USB s1H Bl QU] A48 7%l HAFHE S d33H L
2 AGEE Aol theiA e A e ARkl AN mE i1 AP EE Y
HZQPEH, HolE /A AR HIE s A2 HITF 4 AAEAIA @9, 2
g2 FRES 08 A, 1S A, AT Jdzg Adolgks a40k A oY
Aqre 23 Holy 45 3 f4A AHEE = AE

2) Indoor Air Monitoring Platform and Personal Health Reporting System: Big Data

Analytics for Public Health Research

- w32} Kin-Fai Ho (The Chinese University of Hong Kong, China)

- W& 89

frlede 557 AEH HEe ATEE SVHAF. RS g tried =
UEE Azl Itz ). ExoAs 7H8 W &4¢A e 7] EUHE 2348 =
e o EYAClde T8l 7] o5 Hu AlzH dZske A #FE S Ho
He AESR dole AREF TS MAdsH] ds E2-2dd AAEHT A%
. L4dolEls AF wWAL A F s olHF olFE ST H 2
tolg 2EgX7F gt 1A% duHe AV B A2"HS S8 dEE 2 5 A
= o8 dHolHe v d5dT 3 v EAAY FolE 8% HE=E Aled
T e ERL 29 dHolEd Z|HEk HolH EA42 A2 gE AFA 1x 2
d AYs Adsted E5S = 7 U olgg dolEHE JiAAA AR s ]
A7 FALELE Hates Aaste Alzwe] o] §8% o AuAx"E
7MY, e AE, s AL FAE T olHd = SUFY FAHHE
371293 A A3 Abolo] QA S Fhot HolH mlolde AdFo=N TR
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3) Embracing Big Data for Simulation Modelling of Emergency Department Processes and

Activities

- w32} Yong-Hong Kuo (The Chinese University of Hong Kong, China)

- W& 89
AEHIAE SFHANAY ZEAA 2 58 AT & Jv BEY. 184 g F
o] fEYANAE FAo Ao o oz dHH HolHd oETsta A=
AR E, o] WHS S5 ZEA 2 Higt ARE AsHor AFsHA g+ T, Al
Edold RdS TSkt Zag dolErE AFHAILH AHHES RHASHA]
Be. EAE, FEHU YA 2HoA QAZre] Fol oF dloly T durA el
4. Sude AAl N2ESE 7T 5 gle A 2de ¥d B AoA
Z2xd AdAE A " wreF o5 Xlo] RAET AlFdeld AdE AHIITd
o2 A% FAARN AHE ZYsA H. o] dRAAMN= TF I AlEHCIA
29 s AEE AASta, dolEet AAG = Al tiE] =g 28 $
A A e B ZFAMEES 18 22 AGEE U A B RIS 55
e, SFAA A FFol HF WS o HolHE AFHCE PAA = RFID
7t Fbsd Qlzeks Aoty

t}. BDRH (Big Data Research in Healthcare) Session 2

0 YA W A4 7€ 1), 27 9:25-10:25, R3.04/3.05
- A3 A} Jeffrey Tsai (Asia University, Taiwan)

1) Risk-adjusted Monitoring Method for Surgical Data: Methodology for Data Analytics
(Work in Progress)

- ¥ 2} Xin Lai (The Chinese University of Hong Kong, China)

- & Qo
2T HAALS TF W BEE FFHAY Fedd s ekl A EHYd e A
TUHE 2 A Z=2I8EOMP)E AlZgE Az SOMIP B A7y Al sk 7H
T8 AR F sthe 09U AMEES WEe), 7 BHAddA Azt Al otstE AHH
7F dREA e Ui AY. a8y €A 2YUHZY WH-E Variable Life-adjusted
Display(VLAD)¢} Cumulative Sum Charting(CUSUM)-& AM&3lE22 & Ao WH3E
aRAoE HAEHA XE 5 A, Feddge] & Vi e d43FE didste
Zlo] AN FFs] dAEHA e F Ue. FHEAAE FEHF
AsfiA Bt a2 9198 =248 REUEHE W
AgetH At EUEE AxE SAA oud FE& o
#o], utH |, T8 A BAEAA AG JlES S8BT olld, &F WA Hg

7

A5e Eop FEAAT AL AHT 0L o .
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2) Patient Flow Evaluation with System Dynamic Model in an Emergency Department:

Data Analytics on Daily Hospital Records

- "3z} Marc Chong (The Chinese University of Hong Kong, China)
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3) Two screening methods for genetic association study with application to psoriasis

microarray data sets

- W32} Maggie Haitian Wang (The Chinese University of Hong Kong, China)
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